%
%

\ ¢ INSTITY,,
% as

S

0GY OF 1y,
< £y,

S
&
&>

YKpaiHCbKNM neparoriyHmMm xXypHane 2026e N2 3

»

} )
.
4 ©
1. A

N
7 o
“Aarorion wX

Mariia Voloshyn — PhD in Philology, Associate Professor, Head of the
Department of Foreign Languages for Engineering, Lviv Polytechnic National
University. Lviv, Ukraine.

Research interests: formation of managerial competence of educational
institution leaders, implementation of a competency-based approach in the
professional pedagogical training of educational institution leaders, academic
management, and organization of the educational process.

mariia.m.voloshyn@lpnu.ua
https://orcid.org/0000-0002-9403-3959

Veronika Dmytruk —
PhD in Technical Sciences, Associate Professor, Associate Professor of
the Department of Foreign Languages for Engineering, Lviv Polytechnic
National University, Lviv, Ukraine.

Research interests: digital learning environments, learning analytics,
educational data integration, integration of information systems, and
digital transformation of higher education.

veronika.a.dmytruk@lpnu.ua
https://orcid.org/0000-0002-3692-7110

Iryna Pastyrska — PhD in Pedagogical Sciences, Associate Professor;
Associate Professor of the Department of Foreign Languages for
Engineering, Lviv Polytechnic National University, Lviv, Ukraine.

Research interests: interdisciplinary and integrative learning in higher education,
innovative teaching technologies, and higher education pedagogy.

iryna.y.pastyrska@lpnu.ua
https://orcid.org/0000-0001-5578-3397

. ITooano 0o pedakyii: 27.07.2026
UDC 378' 1 47 . 004 1[;”;;/;;;/1(1(() 51]:((7‘; /l)[(l),lt,(mgvmm/m: 17.08.2026
https://doi. 01’g/1 0.32405/2411-1317-2026-3-64-73 3ameepoacerno 0o opyky: 20.08.2026

Onybaikosano: 30.09.2026

DIGITAL PEDAGOGY AS A CONCEPTUAL FOUNDATION
FOR CONTINUOUS LEARNING IN HIGHER EDUCATION

Abstract. The article examines digital pedagogy as a conceptual foundation for continuous
learning in higher education within the context of digital transformation. The study is motivated
by the need to reconsider traditional approaches to teaching and learning, which no longer fully
meet the demands of the digital economy, rapid technological development, and individualized
educational pathways. Although higher education institutions actively implement digital learning
platforms, learning management systems, artificial intelligence, and learning analytics, educational
data remains fragmented across different information systems, limiting their effective use for
evidence-based pedagogical decision-making, personalized learning, and lifelong learning support.

The purpose of the study is to develop a conceptual model of digital pedagogy that ensures
continuous learning through the integration of learner-centred pedagogical principles, digital
educational ecosystems, learning analytics, and educational data integration. Particular attention
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is paid to the relationships among digital technologies, pedagogical design, learning analytics, and
personalized learning trajectories.

The study demonstrates that digital pedagogy should be understood not merely as the use of
digital technologies but as a learner-centred pedagogical paradigm focused on students' individual
needs, learning activities, and continuous professional development. Effective continuous learning
requires integrated digital educational ecosystems capable of consolidating information from
multiple educational services into a unified data environment. Educational data integration provides
the basis for learning analytics, early identification of learning difficulties, personalization of
learning, and informed pedagogical decision-making.

The proposed conceptual framework may serve as a methodological basis for designing
digital educational environments, improving learner support systems, and implementing learning
analytics in higher education. Future research should focus on developing integrated learner profile
models and evaluating their effectiveness in supporting personalized and continuous learning.

Keywords: digital pedagogy; continuous learning; digital educational ecosystems; learning
analytics; educational data integration; personalized learning; higher education institutions.

Problem statement and its relationship to important scientific and practical tasks.
The rapid digital transformation of society has fundamentally changed the requirements for higher
education. Universities are expected not only to provide learners with professional knowledge but
also to support continuous learning, personalised educational pathways, and the development of
digital competencies necessary for lifelong professional growth. Traditional instructional approaches,
which were primarily designed for stable educational environments, are no longer sufficient to meet
the demands of rapidly changing labour markets, technological innovation, and the increasing
diversity of learners.

Modern higher education institutions generate large volumes of educational data through
Learning Management Systems (LMS), Student Information Systems (SIS), online assessment
platforms, communication tools, and various digital learning environments. However, these data
are frequently dispersed across independent information systems and remain underutilized for
improving educational practice. As a result, educators often lack a comprehensive understanding of
learner progress, engagement, and individual learning needs, making it difficult to provide timely
pedagogical support and evidence-based educational interventions.

Digital pedagogy offers a conceptual framework that extends beyond the simple adoption of
digital technologies. It emphasizes the pedagogically meaningful integration of digital tools, learning
analytics, artificial intelligence, and educational data to create learner-centred environments that
support accessibility, personalization, and continuous learning. Within this framework, educational
technologies serve as instruments for improving teaching and learning rather than as ends in
themselves.

Consequently, there is a growing need to develop integrated digital learning ecosystems that
enable educational institutions to transform fragmented educational data into actionable knowledge
supporting informed pedagogical decision-making, adaptive learning, and lifelong learning.
Addressing this challenge represents one of the key priorities of contemporary digital pedagogy and
higher education development.

Analysis of Recent Research and Publications. Recent research increasingly interprets
digital pedagogy not as the mechanical use of digital tools, but as a pedagogically grounded approach
to designing, organizing, and supporting learning in technology-rich environments. Studies on
digital pedagogy in higher education emphasize that digital transformation should be connected with
educational quality, learner engagement, accessibility, and meaningful instructional design rather
than limited to the introduction of platforms or software.
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The transformation of higher education is closely related to the growing importance of
lifelong and continuous learning. Contemporary universities are expected to support learners
beyond traditional degree programmes by creating flexible educational pathways, opportunities for
reskilling and upskilling, and conditions for continuous professional development. A scoping review
by Hakansson Lindqvist et al. shows that higher education institutions increasingly need to adapt
their structures, pedagogical models, and digital infrastructures to support lifelong learning in a
digital era (Hakansson Lindqvist et al., 2024).

Digital learning environments generate large volumes of educational data, but the pedagogical
value of these data depends on how they are interpreted and used. Learning analytics has therefore
become an important field for supporting evidence-based educational decision-making, feedback,
learner support, and instructional improvement. Research shows that learning analytics can
enhance feedback practices in higher education and help educators identify learner needs more
effectively (Banihashem et al., 2022). Recent systematic reviews also confirm that learning analytics
interventions implemented through learning management systems can support teaching and learning
practices when they are pedagogically designed and meaningfully integrated into educational
processes (Pan et al., 2024).

Artificial intelligence has further expanded the possibilities of digital pedagogy, particularly
in personalization, adaptive learning, automated feedback, and learner support. However, researchers
emphasize that Al should not replace pedagogical judgment or reduce education to algorithmic decision-
making. Earlier systematic research on Al in higher education already pointed to the need for stronger
involvement of educators in the design and interpretation of Al-based educational systems (Bond et
al., 2020). More recent studies confirm the rapid growth of Al applications in higher education and
underline the importance of aligning these technologies with teaching methods, learning objectives,
ethical principles, and student engagement (Crompton, Burke, 2023; Gasevic et al., 2015).

International policy documents also stress that digital transformation in education requires
governance, trust, data protection, transparency, and human-centred approaches. The OECD argues
that effective digital education ecosystems should be shaped not only by technology adoption but also
by responsible data governance, institutional capacity, and pedagogical purpose (OECD, 2023). Al
supports teachers, learners, and researchers while preserving human agency, ethical responsibility,
and educational quality.

Thus, digital pedagogy in higher education develops at the intersection of learner-centred
teaching, continuous learning, learning analytics, artificial intelligence, and responsible use of
educational data. At the same time, existing studies often discuss these components separately. This
creates a research gap related to the need for an integrated pedagogical model that explains how
digital learning ecosystems can support continuous learning through data-informed, learner-centred,
and ethically responsible educational practices.

The aim of the study. The aim of this study is to develop a conceptual framework of digital
pedagogy that supports continuous learning in higher education by integrating learner-centred
educational principles with digital learning ecosystems, learning analytics, and educational data
integration. The study seeks to examine how the systematic organization and interpretation of
educational data can enhance evidence-based pedagogical decision-making, facilitate personalised
learning pathways, and support lifelong learning within contemporary higher education institutions.

Research methods. The study employed a theoretical research design based on the analysis,
synthesis, comparison, and generalization of contemporary scientific literature on digital pedagogy,
continuous learning, educational technologies, and artificial intelligence in higher education. A
conceptual analysis was conducted to identify the key components and relationships underlying the
proposed framework of digital pedagogy.
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Results and Discussion. Based on the conducted theoretical analysis, the proposed conceptual
framework identifies digital pedagogy as a learner-centred educational paradigm integrating digital
learning ecosystems, educational data integration, learning analytics, and artificial intelligence to
support continuous learning.

1. Digital pedagogy as a learner-centred educational paradigm. Digital pedagogy has
become a central concept in contemporary higher education as universities continue to adapt to
rapid technological, social, and economic change. Although the integration of digital technologies
into education began several decades ago, current research increasingly emphasizes that digital
pedagogy extends far beyond the use of online platforms or digital learning resources. Instead, it is
understood as a pedagogical approach that places learners, their educational needs, and meaningful
learning experiences at the centre of the educational process (Laurillard, 2012; Bond et al., 2020).

One of the most influential contributions to this field was made by Laurillard (2012), who
argued that technologies should support educational dialogue rather than simply deliver instructional
content. Within her Conversational Framework, learning is viewed as a continuous interaction
between teachers and learners involving explanation, feedback, reflection, and adaptation. This
perspective shifted attention from technological capabilities to the quality of pedagogical design
and demonstrated that educational technologies become valuable only when they improve learning
rather than merely digitize existing teaching practices.

The emergence of connectivism further expanded the understanding of learning in digital
environments. Siemens (2005) proposed that knowledge is distributed across networks of people,
digital resources, and technological systems, while learning consists of creating and maintaining
these connections. This perspective reflects the realities of modern higher education, where students
continuously access information from multiple digital sources, collaborate online, and develop
professional competencies beyond the boundaries of traditional classrooms.

As digital learning environments became more complex, researchers also began to examine
how educational data could support teaching and learning. Siemens and Long (2011) introduced
Learning Analytics as an emerging field capable of transforming educational data into information
that supports pedagogical decision-making. Rather than replacing teachers, learning analytics
enables educators to identify learning patterns, monitor student engagement, recognize learners who
may require additional support, and evaluate the effectiveness of instructional strategies. Recent
studies indicate that when implemented within learner-centred educational environments, learning
analytics contributes to more personalised learning experiences and improves the quality of feedback
provided to students (Viberg et al., 2018; Banihashem et al., 2022).

The growing interest in artificial intelligence has further broadened the scope of digital
pedagogy. Holmes et al. (2022) argue that Al technologies should be viewed primarily as
instruments that support educators through adaptive learning, intelligent feedback, and personalised
recommendations, rather than as autonomous educational solutions. Similar conclusions were
reached by Crompton and Burke (2023), whose review demonstrates that the educational benefits of
Al largely depend on pedagogical objectives, instructional design, and active teacher involvement
throughout the learning process. Recent research on professional higher education in technical fields
also demonstrates that the integration of artificial intelligence should be considered an integral
component of broader digital transformation, encompassing pedagogical design, institutional
change, and the development of learners’ professional competencies (Dmytruk et al., 2025).

2. Continuous learning in contemporary higher education. The concept of continuous
learning has become one of the defining characteristics of modern higher education. Rapid
technological development, the transformation of labour markets, and the emergence of new
professional competencies require graduates to update their knowledge throughout their careers
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rather than rely solely on qualifications obtained during formal education. Consequently, universities
are increasingly expected to support learning that extends beyond traditional degree programmes and
continues throughout an individual's professional and personal life (Hakansson Lindqvist et al., 2024).

Unlike traditional educational models, which are largely organised around fixed curricula and
predetermined learning trajectories, continuous learning emphasises flexibility, learner autonomy,
and the ability to acquire competencies in different educational settings. Formal education is now
complemented by non-formal and informal learning, online professional courses, micro-credentials,
open educational resources, and workplace learning opportunities. This shift has substantially
expanded the educational role of higher education institutions and has encouraged the development
of more flexible instructional models (Siemens, 2005; Crompton & Burke, 2023).

The growing diversity of learning pathways also creates new challenges for educators. Students
increasingly combine classroom learning with online activities, independent study, collaborative
projects, and professional practice. As a result, learning experiences become fragmented across
multiple digital environments, making it more difficult for teachers to obtain a comprehensive
understanding of learner progress and educational needs (Nagachevska et al., 2025). Recent studies
indicate that effective support of continuous learning requires not only flexible curricula but also
mechanisms capable of integrating information generated throughout the learning process (Viberg
et al., 2018; Gasevi¢ et al., 2015).

Another important feature of continuous learning is the gradual transition from teacher-
directed instruction to learner responsibility for educational development. Digital environments
provide students with opportunities to select learning resources, determine learning pace, monitor
their own progress, and receive individualised feedback. At the same time, educators increasingly
serve as facilitators, mentors, and designers of learning experiences rather than as providers of
information alone. Laurillard (2012) argues that this transformation requires pedagogical models
that promote interaction, reflection, and continuous feedback rather than simple content delivery.

The increasing availability of educational technologies has significantly expanded access to
learning opportunities; however, access alone does not guarantee meaningful learning. Bond et al.
(2020) emphasise that successful continuous learning depends on learner engagement, appropriate
pedagogical design, and the effective organisation of educational environments. Similarly, recent
research demonstrates that personalised support, timely feedback, and active learner participation
remain among the strongest predictors of successful learning outcomes in digital education
(Banihashem et al., 2022).

These developments indicate that continuous learning should be viewed not as an
additional educational activity but as a fundamental principle guiding the organisation of modern
higher education. Supporting learners across diverse educational experiences requires learning
environments that connect educational resources, learner activities, assessment processes, and
pedagogical decision-making within coherent digital infrastructures. This creates the foundation for
the development of integrated digital learning ecosystems discussed in the following section.

3. Digital learning ecosystems as the foundation for continuous learning. The growing
complexity of higher education has transformed universities into interconnected digital environments
where teaching, learning, assessment, communication, and academic administration are supported
by multiple information systems. Learning management systems, student information systems,
digital assessment platforms, institutional repositories, communication services, and virtual learning
environments all generate educational data that reflect different aspects of learners' educational
activities. While each of these systems performs a specific function, their educational value increases
considerably when they operate as components of an integrated digital learning ecosystem rather
than as isolated technological solutions (Laurillard, 2012; Gasevi¢ et al., 2023).
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The concept of a digital learning ecosystem emphasizes interaction, interoperability, and
the continuous exchange of educational information between digital services. Unlike traditional
educational environments, where information is often fragmented across independent platforms,
digital ecosystems enable the integration of learner activities, assessment results, communication
records, and academic achievements into coherent educational processes. Such integration creates
opportunities for educators to obtain a more comprehensive understanding of learner development
while reducing information fragmentation and duplication (Viberg et al., 2018).

An important characteristic of digital learning ecosystems is their learner-centred architecture.
Educational information is organized around learners rather than individual software applications.
This approach enables institutions to monitor educational progress across different courses, learning
environments, and stages of study, supporting continuity throughout the educational lifecycle.
Recent studies suggest that learner-centred digital environments improve the quality of educational
decision-making by providing a more holistic representation of learner engagement and achievement
(Bond et al., 2020; Banihashem et al., 2022).

The effectiveness of digital learning ecosystems also depends on the quality of educational
data integration. Information generated by different institutional platforms often differs in structure,
terminology, and level of detail. Without appropriate integration mechanisms, these data remain
isolated and cannot effectively support learning analytics, personalised learning, or institutional
planning. For this reason, contemporary educational research increasingly highlights the importance
of common data structures, standardized learner information, and interoperable educational models
that support evidence-informed educational practice (Gasevi¢ et al., 2023; Holmes et al., 2022).

Integrated digital ecosystems create favourable conditions for implementing learning
analytics, adaptive educational technologies, and personalised learning. By connecting information
from multiple educational sources, institutions can identify learning patterns, monitor learner progress
over extended periods, and provide timely pedagogical interventions. Rather than functioning as
independent technological platforms, digital systems become components of a coherent educational
environment designed to support continuous learning and improve educational quality.

4. Educational data integration for learning analytics and personalised learning. The
effectiveness of digital learning ecosystems largely depends on the ability to integrate educational
data generated across multiple institutional systems into a coherent information environment. In
contemporary higher education, learners interact with numerous digital platforms throughout their
academic journey, including learning management systems, student information systems, digital
assessment platforms, library services, communication tools, and online learning resources. Each of
these environments captures valuable information about learning activities; however, when stored
independently, they provide only fragmented representations of learner development.

Educational data integration addresses this challenge by connecting information originating
from different digital environments into unified learner records that support comprehensive
educational analysis. Rather than treating assessment results, learning activities, attendance records,
and communication data as isolated datasets, integrated educational information enables institutions
to examine learning processes from multiple perspectives. Such an approach creates favourable
conditions for evidence-informed educational decision-making and more accurate identification of
learner needs (Gasevic¢ et al., 2023; Viberg et al., 2018).

The educational value of integrated learner information becomes particularly evident in
learning analytics. Siemens and Long (2011) describe learning analytics as the process of collecting,
measuring, analysing, and interpreting educational data to improve learning and the environments in
which learning occurs. Since its emergence, learning analytics has gradually shifted from descriptive
reporting to predictive and prescriptive approaches that support both educators and learners. Recent
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systematic reviews demonstrate that learning analytics contributes to earlier identification of learning
difficulties, more effective feedback, and improved learner engagement when analytical results
are incorporated into pedagogical practice rather than treated solely as administrative information
(Banihashem et al., 2022).

Integrated educational data also provides opportunities for personalised learning. Instead
of offering identical educational pathways to all students, higher education institutions can
increasingly adapt learning activities to individual progress, competencies, and educational needs.
Personalisation may include adaptive learning resources, differentiated assessment strategies,
individualised feedback, and recommendations for further learning activities. Holmes et al. (2022)
argue that such approaches become particularly effective when supported by the responsible use of
Al and continuous educator involvement in interpreting analytical results.

An important aspect of educational data integration is that it strengthens rather than replaces
pedagogical expertise. Learning analytics provides educators with additional evidence regarding
learner progress, but educational decisions continue to depend on professional judgement,
instructional experience, and direct interaction with students. Consequently, digital technologies
should be regarded as instruments that support pedagogical practice rather than as autonomous
systems that determine educational outcomes. This understanding corresponds to the learner-centred
principles of digital pedagogy discussed in the previous sections and establishes the conditions
necessary for sustainable, continuous learning in higher education.

The relationships identified through the theoretical analysis are synthesised in the proposed
conceptual model of digital pedagogy presented in Figure 1. The model places the learner at the
centre of an integrated digital educational ecosystem in which learner-centred pedagogical principles,
digital learning environments, educational data integration, and learning analytics interact to support
personalised and continuous learning.

DIGITAL PEDAGOGY
AS A CONCEPTUAL FOUNDATION
FOR CONTINUOUS LEARNING IN HIGHER EDUCATION

- ~
-

,// LEARNER-CENTRED AN
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Figure 1. Conceptual model of digital pedagogy for continuous learning in higher education

70



08 OF 110

.

W INSTITY,
v €0,
} 0
3,
‘f,,\ Ny
2,
R ©
1. A

YKpaiHCbKNM neparoriyHmum xXypHane 2026e N2 3

W
S

-

&

R 8
“Aarorin W

One possible approach to implementing educational data integration is to develop a
unified learner profile that consolidates information on learner activities, academic achievements,
competencies, and learning trajectories across institutional digital environments. Such integrated
learner representations provide educators with a comprehensive view of learner development and
create the informational foundation for personalised learning and evidence-informed pedagogical
decision-making. The conceptual implications of unified learner profiles for digital pedagogy require
further investigation and therefore constitute a separate direction for future research.

Conclusions and Prospects for Further Research. The study demonstrates that digital
pedagogy has evolved into a learner-centred educational paradigm that extends beyond the
integration of digital technologies into teaching. Contemporary higher education increasingly
requires educational approaches that combine pedagogical design, continuous learning, digital
learning ecosystems, educational data integration, and learning analytics to support meaningful and
personalised learning experiences.

The findings suggest that fragmented digital educational environments cannot fully support
evidence-informed pedagogical decision-making or continuous learner development. Integrating
educational data generated across institutional digital systems creates opportunities for a more
comprehensive understanding of learner progress, facilitates personalised learning pathways, and
enhances the quality of educational support provided by educators.

The proposed conceptual framework presents digital pedagogy as an interconnected
educational system in which learner-centred instructional design, digital learning ecosystems,
educational data integration, and learning analytics function as complementary components
supporting continuous learning in higher education. Rather than viewing technology as an
independent objective, the framework emphasizes its pedagogical value in improving teaching,
learning, and institutional decision-making.

Further research may focus on developing practical models for implementing integrated
learner profiles and evaluating their effectiveness in supporting personalised learning and continuous
educational development within higher education institutions.
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Mapia Boaowiun, kanouoam Qinono2iunux Hayk, 0oyenm, 3a6i0yeay Kapeopu iHO3eMHUX MO8
mexHiuHo20 cnpamyeanns, Hayionanvnuil ynisepcumem «Jlvsiscoka nonimexuixkay, m. Jlvsis,
Vkpaina.

Kono naykosux inmepecis: (popmysanms ynpagiincbKoi KOMnemeHmHoCmi KepieHUKi6 3aKi1adie
oceimu, peanizayis KOMNEemeHmHicHo20 nioxo0y 8 npogheciunill nedazo2iuni nio2omosyi
KepiGHUKI8 3aK1a0i6 0C8ImU, AKAOEMIUHUL MEHEONCMEHM, OPeaAHI3aYis 0CBIMHBO2O NPOYECY.

Beponika /Imumpyk — kanouoam mexuiyHux Hayk, 0oyeHm, 0oyeHm Kageopu iHO3eMHUX MO8
mexHiuHo20 cnpamyeanns, Hayionanvnuil ynisepcumem «Jlvsiscoka nonimexuixkay, m. Jlvsis,
Vkpaina.

Kono naykoeux inmepecie: yugposi ocgimmui cepedosuiya, HaguaibHa AHANiMUKa, iHmezpayis
0CGIMHIX IHGhopMayitiHux cucmem, Yupposa mparcopmayis uwoi 0ceimit.

Ipuna Ilacmupcoka — kaHouoam neoazociyuHux HayxK, 0oyeum, ooyeHm Kageopu iHO3eMHUX MO8
mexHiuHo20 cnpamyeanns, Hayionanvnuil ynisepcumem «Jlvsiscoka nonimexuixkay, m. Jlvsis,
Vkpaina.

Kono naykoeux inmepecie: mixcoucyuniinapte ma inmezpamuere HAGYAHHA ) 8UUYIL WUKOT,
iHHOBaYTIIHT Neda2o2iuti mexHon02ii, nedazo2iKa 8Uwoi oceimu.

HUDPPOBA MTEJAT'OI'TKA SIK KOHIIEIITYAJIbHA OCHOBA 3ABE3INEUEHHSI
BE3IEPEPBHOI'O HABUAHHSI Y BUIIIA OCBITI
Anomauyia. CTaTTIO IPUCBIYCHO TOCHTIHKCHHIO IH(POBOI MEAATOTIKN K KOHIIETITyalIbHOT
OCHOBH 3a0e3reueHHs 0e3epepBHOr0 HaBUYaHHS y 3aKJIajiax BUIINOI OCBITH B yMOBax HU(POBOI
TpaHcopmarlii. AKTyaTbHICTh JOCIHIIKEHHS 3yMOBJICHO HEO0OXiTHICTIO IEPEOCMHUCICHHS TPaan-
MIMHUX T1IXO0AIB 10 HABUYAHHSI 1 BUKJIAJIaHHS, sIKI B)K€ HE MMOBHOIO MipOIO BiANOBIiAaI0TH BUMOTaM
n(ppoBOi EKOHOMIKH, CTPIMKOMY PO3BHUTKY IU(PPOBHUX TEXHOJOTiIH Ta moTpebdi y dopmyBaHHI
IHIUBIAyaTi30BaHUX OCBITHIX TpaekTopii. He3Baxkaroun Ha aKTHBHE BIIPOBAKECHHS 3aKJIagaMH
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BUIIIOT OCBITH HU(PPOBUX HABYAJIBHUX IUIATPOPM, CUCTEM YIIPABIIiHHS HABYAHHSIM, 3aC0O0IB IITYY-
HOTO IHTEJIEKTy Ta HaBYaJbHOI aHAJITHKH, OCBITHI JaHI 3aJMIIAIOTHCSl (ParMEHTOBAHUMHU MiXK
pi3HUMH 1HPOPMALIITHUMU CUCTEMaMH, 110 0OMeXKY€ TXHE e(DeKTUBHE BUKOPUCTAHHS JUIsL OOTPYH-
TOBAHOTO MPUIHSATTS MEIAroriuHuX PillieHb, MePCOHaI3allii HaBYaHHS Ta MIATPUMKU KOHIICIIIIT
HaBYaHHS BIIPOJIOBIK JKUTTS.

Meroro JOoCHiKeHHsT € po3poOJieHHsT KOHLENTyalbHOi Mozeni 1H(poBOI Meaaroriku,
sika 3a0e3reuye Oe3lepepBHE HABYAHHS [UISIXOM IHTETpamil JIIOAMHOICHTPUYHHUX MEAArOridHUX
MPUHIMIIB, HIU(PPOBUX OCBITHIX EKOCHCTEM, HABUAIBHOT aHAJITHKH Ta 00’ €IHAHHS OCBITHIX Ja-
HUX. OCOONMUBY yBary HpUAUICHO JOCIIDKEHHIO B3a€MO3B'S3KIB MK HU(PPOBUMHU TEXHOJIOTis-
MM, [€JaroriYHUM ITPOEKTYBAHHSIM, HABYAJILHOIO aHAJIITHKOIO Ta EPCOHATI30BAHUMH OCBITHIMH
TPAEKTOPISIMH.

VY crarTi 10BeeHO, 110 HU(BPOBY HEJAroriky Ciij po3IsaaTH HEe JIHIIE SK BUKOPUCTAHHS
HU(PPOBHUX TEXHOJIOTIH B OCBITHHOMY IIPOLEC], @ 1 SIK Cy4acHy JIIOJMHOLCHTPUYHY TeJaroriany
napajurmy, OpieHTOBaHy Ha iHAMBIyasbHI OTpeOu 3100yBauiB OCBITH, IXHIO HABYAJIbHY AKTHB-
HICTH Ta Oe3nepepBHUil podeciiinuii po3BuToK. EQexruBHe 3a0e3mneueHHs Oe3nepepBHOro HaB-
YaHHS T0Tpedye QYHKIIOHYBaHHS IHTEIPOBAHUX HU(PPOBUX OCBITHIX EKOCHCTEM, 34aTHUX 00'€]-
HyBaTH iH(OpMALiI0 3 PI3HUX OCBITHIX CepBiciB y eanHe iHdopMmaniliHe cepegoBuie. [HTerpais
OCBITHIX JaHHUX CTBOPIOE MiIIPYHTS JJis 3aCTOCYBaHHs HaBUAJIbHOI aHAIITUKH, CBOEYACHOTO BH-
SIBIICHHS] HABYAJIbHUX TPYIHOIIIB, IEPCOHAI3AIlil OCBITHROTO MPOIECY Ta YXBAJICHHS OOIPYyHTO-
BaHUX MMEJAroriYHUX PillICHb.

3arponoHoBaHa KOHLENTyallbHa MOJIENIb MOJKE CTATH METOJO0JIOTIYHOK OCHOBOIO JUISI IIPO-
€KTYBaHHS LU(PPOBUX OCBITHIX CEPENOBHI, YJIOCKOHAJIECHHS CUCTEM MIATPUMKH HaBYaHHS Ta
BITPOBA/DKECHHS HABUAJIbHOT aHAJITHKH B 3aKJajax BUILOI OcBiTH. [lepcrieKTHBY MoabIInX J10-
CJIIJDKEHB TOB'sI3aH1 3 PO3pOOJICHHSIM MOJIelIell IHTerpoBaHOro Mpodisto 3100yBada OCBITH Ta OLli-
HIOBaHHSM TXHbOT €(DEKTUBHOCTI JUIsl i ATPUMKH NEPCOHATI30BaHOTO i Oe31IepEePBHOTO HABUAHHS.

Kuarouosi cioBa: nudposa nemarorika; 0e3nepepBHe HaBYaHHS; IU(DPOBI OCBITHI €KOCHUC-
TEMH; HaBYAJIbHA aHAJIITMKA; IHTErpallis OCBITHIX JAaHUX; MEPCOHAI30BaHE HABUAHHS; 3aKJIa 1
BUIIIOT OCBITH.
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